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About this book
An  AI-first  company  does  not  begin  by  adding  a  chatbot  to  an  ordinary  product.  It  begins  by 
identifying a valuable workflow, separating outcomes that must be exact from work that benefits 
from probabilistic assistance, and building an organization in which data, evaluation and human 
judgment are part of the product. AI may lower the cost of producing a draft, classifying a request or  
exploring  options.  It  does  not  remove  the  cost  of  winning  customer  trust,  integrating  systems, 
delivering reliable results or earning a margin. The most useful founder question is therefore not, 
'What can the model do?' but, 'What verified customer outcome can our company deliver repeatedly, 
profitably and safely?' This book turns that question into a practical operating method for finding a  
market, designing a product, controlling costs, measuring results and deciding when to scale.
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1. Begin With the Customer's Economic Problem

Find a costly job before choosing a model

Models are inputs,  not customers.  An experienced operations manager rarely budgets for 'AI'  in 
isolation;  the  budget  is  tied  to  shorter  response  times,  fewer  errors,  improved  capacity,  safer 
decisions or new revenue. Begin by mapping a specific customer journey and identifying where 
delays,  rework and uncertainty cause measurable loss.  A founder who says,  'We automate back 
offices,' has not yet chosen a market. A founder who says, 'We help regional wholesalers reconcile 
supplier invoice exceptions before their weekly payment run,' has a testable starting point. The latter 
specifies a buyer, a repeated workflow, an observable output and an operational boundary.

The economic problem must be important enough to compete with existing commitments. Ask how 
often the problem occurs, what people currently do, where mistakes are detected and what happens 
if  nobody solves  it.  When a customer says  the task is  painful,  seek a trace:  dated work tickets,  
delayed orders, staff hours, correction logs or invoice adjustments. Reported hours saved are useful 
hypotheses,  but  they  become  evidence  only  when  measured  against  the  same  volume,  quality 
standard and period. Do not mistake employee frustration for organizational buying authority.

Define an outcome the customer can verify

A strong initial  promise  describes  the  output  and its  constraints.  Consider  the  fictional  product 
'Invoice Review Desk'. It receives approved, redacted invoice files and purchase-order fields, flags 
apparent mismatches, and produces a reviewer queue with evidence links. It cannot authorize or 
send a payment. Its proposed value is fewer hours spent preparing exceptions, not zero financial 



SILICON FOUNDERS  /  SF PUBLICATIONS  /  VOLUME 19

risk. The founder can track how many cases are correctly routed, how many exceptions require 
rework and whether finance staff trust the result. These are more convincing than screenshots of 
fluent generated text.

Treat the customer's current process as the baseline. A new tool must outperform not only a manual 
approach  but  also  spreadsheets,  rules  engines,  outsourcing  and  established  software  features. 
Google's published Rules of Machine Learning advises teams to establish metrics and not to force 
machine learning where a simpler method suffices [R1]. The business implication is straightforward: 
use AI where it improves the complete workflow rather than where it creates the most impressive 
demo.

Chapter output: a one-page problem statement with buyer, frequency, cost, baseline, and measurable desired 
result. Gate: no product-roadmap commitment without evidence of repeated customer pain.

2. Validate a Narrow, Repeated Workflow

Identify the economic buyer and the everyday user

Enterprise purchases involve at least three different views: a user who does the work, a manager 
who  owns  the  performance  metric  and  a  buyer  who  controls  the  budget.  Sometimes  security, 
procurement and legal teams have independent vetoes. Interview each role separately. A frontline 
user may welcome faster drafting while a financial controller worries about exception accuracy and 
auditability. A sales promise that satisfies only one role often fails at implementation.

Use recent, real events rather than hypothetical enthusiasm. Ask users to walk through the last five 
cases,  including  unusual  ones.  Request  permission  to  observe  the  task  with  synthetic  or 
appropriately  authorized  data.  Map  the  true  sequence:  intake,  verification,  exception  handling, 
approval,  communication and record retention.  Look for the handoffs where a delay is  actually 
created. The right product wedge may be a single step within a larger workflow, and that is often an 
advantage.  A small  reliable  entry point  establishes trust  and generates  the evidence needed for 
broader capabilities.

Price a learning experiment instead of a grand promise

Before building a fully integrated product, offer a bounded paid pilot. The pilot charter should define 
a sample size,  data boundaries,  baseline,  acceptable error rate,  review responsibilities,  payment, 
pilot duration and stop conditions. For example, a fictional finance team might test 200 historical, 
non-sensitive  invoice  exceptions.  A  trained  reviewer  evaluates  a  stratified  sample;  all  payment-
related outcomes remain outside the pilot. The founder should not present the illustration as a real  
customer case. Record how long setup took and what the customer needed to change internally.

A pilot is not a free consulting project disguised as recurring software. If the only way to deliver is 
continuous  founder  intervention,  the  business  has  demonstrated  a  service  capability,  not  yet  a 
scalable product. Record the most frequent requests and classify them as repeatable configuration, 
one-off customer-specific customization or a reason to narrow the market further. Test willingness to 
pay and renewal intent separately from stated appreciation.
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Chapter output: a ten-interview evidence log and a bounded pilot offer. Gate: do not use customer files without 
proper authorization and a clear processing basis.

3. Design a Product Around Outcomes, Not Prompts

Separate deterministic steps from judgment-heavy steps

The best  product  architecture  rarely  gives  a  language model  responsibility  for  every  stage.  Use 
deterministic  code  for  identity,  calculations,  payment  amounts,  access  permissions,  timestamps, 
approval  thresholds  and  structured  validation.  Use  an  AI  model  for  tasks  such  as  classifying 
ambiguous descriptions,  extracting candidate  fields,  suggesting drafts  or  ranking evidence.  Then 
validate the output against explicit business rules. 'The model said so' is not an acceptable audit 
record.

Map each proposed action to its reversibility. A draft summary is easy to correct. Editing a customer 
record or changing a purchase order has meaningful consequences. Moving money, deleting data, 
issuing credentials or sending a binding statement requires a stronger authority boundary. Product 
design should make those differences visible. Provide the user with context, confidence cues where 
calibrated,  source  references,  and a  clear  way  to  reject  or  amend the  proposed  action.  A  good 
human-in-the-loop process is neither endless rubber-stamping nor uncontrolled autonomy.

Treat product experience as part of model quality

Users need predictable latency, status, correction paths and escalation. If an answer takes too long, is 
difficult  to verify or cannot be amended,  accuracy in a laboratory test will  not rescue adoption. 
Design  fallback  routes:  rules-based  result,  human  queue  or  explicit  'insufficient  evidence'.  The 
system must sometimes refuse to guess. Measure the rate of successful completed tasks rather than 
the percentage of messages that sound plausible.

For Invoice Review Desk, the finished workflow might consist of uploading an authorized document, 
extracting candidate invoice fields, matching them to purchase-order records, assigning a confidence 
and reason code, and sending uncertain cases to a reviewer. An administrator can inspect changes 
and  export  an  audit  trail.  This  product  experience  is  more  durable  than  an  open-ended  chat 
interface  because  it  supports  a  specific  business  job.  The  design  objective  is  a  trustworthy 
operational artifact, not a conversation for its own sake.

Chapter output: a workflow map separating deterministic code, model assistance and human approvals. Gate: 
no high-impact action based only on a model-generated instruction.

4. Choose the Simplest Defensible Architecture

Buy, compose or build deliberately

A  founder  has  three  broad  choices.  Buy  a  configurable  vertical  product  when  the  need  is 
conventional and differentiation is commercial delivery. Compose services and existing APIs when 
the workflow is distinctive but core language capability is not. Build specialized components only 
where evaluation shows a material advantage. Every custom layer introduces testing, maintenance, 
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security  and  vendor  management  obligations.  A  memorable  product  should  not  depend  on  a 
needlessly novel infrastructure diagram.

A practical architecture has a controlled input channel, identity and consent checks, a minimal data 
store, business rules, model access, a validation layer, a user-visible review experience and event 
logging.  Keep  account  permissions  narrow;  separate  production  and  test  data;  make  secrets 
inaccessible to model responses; and design a model-provider replacement path where reasonably 
possible. The initial product should run on one customer segment and a narrow data schema before 
expanding to many regions or industries.

Plan for model change and vendor dependence

Model capabilities, prices and service limits can change. Avoid tying your promise to a particular 
model name or claiming permanent superiority without repeated tests. Maintain an evaluation set of 
representative tasks and a cost-per-successful-outcome measure. When considering a new model, 
compare accuracy, latency, failure modes, privacy terms, support, data residency where required 
and operating cost under realistic workloads. Benchmark on customer-like examples, not only public 
leaderboards.

Some advantages are not model capabilities: distribution access, workflow integrations, proprietary 
process knowledge obtained lawfully, a reliable review system, customer support and compliance 
competence. The founder should write which of these could survive competitors gaining access to 
the  same models.  If  no  advantage  remains,  narrow the  product  to  a  segment  where  trust  and 
execution can be earned.

Chapter output: an architecture decision record with buy/compose/build alternatives, cost assumptions and exit 
options. Gate: verify vendor data and security terms before sending customer material.

5. Build an Evidence and Evaluation System

Define what 'correct' means before testing

Generative systems can produce several plausible outputs for the same input,  so a simple 'looks 
good' test is inadequate. Establish a gold-standard evaluation set from legitimately usable records or 
synthetic  analogues.  Include  routine  cases,  ambiguous  cases,  adversarial  instructions,  missing 
information and inputs that should trigger escalation. For each case, specify the expected outcome, 
severity  of  a  wrong  answer  and  whether  a  human  must  review  it.  Use  separate  samples  for 
development and final assessment so repeated prompt tuning does not simply memorize test cases.

For invoice exceptions, useful metrics include correct extraction by field, false negatives on material 
discrepancies, reviewer time, percentage routed to human review and unsupported explanations. An 
overall accuracy number can hide the most dangerous error. If an illustrative set has 180 routine 
documents and 20 material exceptions, a system that gets all routine items right but misses half the 
exceptions achieves 95% overall item accuracy while failing the purpose of the workflow. Weight 
mistakes by their business consequence; audit a sample after deployment as conditions change.
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Make evaluation an operating cadence

NIST's AI Risk Management Framework and its generative AI profile offer a voluntary structure for 
identifying and managing AI risks across governance, measurement and operations [R2][R3]. Turn 
broad principles into a small weekly practice: collect observed failures, classify causes, update tests, 
review customer impact, document model or prompt changes and preserve rollback options. Keep 
data provenance and annotation guidelines stable. An evaluation suite is a product asset, not a one-
time pre-launch spreadsheet.

When the evaluation score declines, know whether the cause is changed input data, a new model 
version, poor retrieval, altered instructions or human process drift. Separate offline evaluation from 
controlled  live  tests.  Do  not  experiment  on  critical  real  customer  actions  without  approved 
boundaries and recovery plans.

Chapter output: a stratified evaluation set, severity matrix and weekly failure-review ritual. Gate: production 
release requires evidence of acceptable performance on high-severity cases.

6. Understand the True Unit Economics

Cost the outcome, not a model call

Token usage and API  prices  are only  part  of  delivery  cost.  Include document  storage,  retrieval, 
workflow software, compute, audit logs, support, model testing, onboarding, manual review, sales 
acquisition, payment processing and refunds. Usage may grow faster than monthly subscription fees. 
An apparently excellent gross margin can disappear when one enterprise customer requires custom 
integrations and constant support. Establish customer-level profitability before extrapolating to a 
large market.

Use a fictional example. An enterprise customer pays $2,400 per month. Variable serving costs are 
$240, review and customer support $280, and allocated integration maintenance $160. Contribution 
before fixed company costs is $1,720, or about 71.7% of revenue. If the company spends $9,000 to 
acquire and onboard that customer, dividing by $1,720 suggests roughly 5.2 months of contribution 
to  recover  acquisition  expense,  but  only  if  those  monthly  economics  persist  and  the  customer 
remains active. This is not a profit forecast or a general benchmark. If human review doubles, the 
contribution changes immediately.

Design usage and contract boundaries

Pricing can combine a  base fee  for  access  with limits  on documents,  users,  API  calls  or  review 
volume. Put overage triggers and service commitments in plain language; clients should not face 
unpredictable bills from a process they cannot monitor. Record the direct costs of exceptional cases 
and  provide  dashboards  showing  included  usage.  Pilot  pricing,  production  pricing,  and  one-off 
integration fees are different components and should not be disguised within one number.

The founder needs to stress-test three scenarios: successful adoption with low support burden; high 
adoption with unprofitable compute or review usage; and low adoption despite expensive setup. 
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When the economics do not work, redesign the workflow, increase price only if value supports it, or  
choose a narrower segment. Growth magnifies both a sound margin and a structurally bad one.

Chapter output: per-customer revenue, variable cost, gross contribution and acquisition payback model. Gate: 
expansion requires measured rather than imagined delivery costs.

7. Sell Trustworthy Results in a Crowded Market

Lead with a measurable job and evidence

A buyer who has seen many AI demonstrations will ask what your product does with their data, how 
often  it  fails,  who  responds  when  it  does,  and  which  results  are  substantiated.  Build  the  sales 
narrative  around the operating baseline,  evidence from authorized testing,  expected integration 
work and clear exclusions. Avoid presenting a prototype as deployed enterprise infrastructure or a 
signed pilot as recurring revenue. Publish case studies only with verified permission and factual 
numbers.

For early business development, focus on a sharply defined ideal customer profile: sector, workflow 
volume,  problem  owner,  software  environment,  buying  trigger  and  procurement  capacity.  A 
founder  may  be  tempted  to  chase  every  inbound  enquiry  because  the  technology  is  flexible. 
Flexibility  is  not  a  strategy when each new customer requires  a  different  product.  Record why 
opportunities  were  lost,  including  lack  of  urgency,  security  review  failure,  poor  accuracy  or 
insufficient implementation capacity.

Create a credible route to renewal

The initial contract is only proof that someone was willing to try. Renewal depends on the product 
becoming  useful  without  extraordinary  founder  attention.  Build  onboarding  checklists,  training, 
incident  contacts,  data-processing arrangements  and a  monthly  outcome report.  Compare usage 
with actual  benefits and ask what part of  the customer's  process still  blocks adoption.  When AI 
systems affect people or protected data, transparency, redress and oversight may be legally required 
and should be designed in rather than added during a dispute [R4].

A founder can use content,  partners  and product  demos to  acquire  attention,  but  should never 
invent  customer lists,  approvals  or  security  certifications.  The most  defensible  sales  asset  is  the 
ability to show what was measured, what remains uncertain and how the company handles the 
latter.

Chapter output: a one-page sales proof sheet and renewal scorecard. Gate: no unsupported productivity, 
compliance or customer-success claim.

8. Govern Data, Failure and Human Authority

Protect confidential inputs and real-world actions

A product may be secure in one component and unsafe as a complete workflow. Document what 
data arrives, the purpose for which it is processed, how long it is retained, who can retrieve it, what 
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the  model  provider  can  do  with  it  and  how  it  is  deleted.  Use  consent  and  lawful  processing 
arrangements  appropriate  to  the  jurisdiction;  avoid  broad  collection  'just  in  case'.  The  UK's 
Information  Commissioner's  Office  emphasizes  data  protection  by  design  and  default,  with 
obligations that may evolve as law and guidance change [R4]. Counsel should verify the applicable 
rules in each target market.

AI-generated output  is  untrusted until  validated.  OWASP's  work on language-model  applications 
identifies  prompt injection,  sensitive-information disclosure and excessive agency as  meaningful 
risks [R5]. In a practical design, retrieved documents cannot modify system policy; model output 
cannot create new permissions; tools execute only approved action types; and external links are 
treated as data rather than commands. Require independent approval for sending funds, changing 
account permissions, deleting critical records, making legal declarations or making binding external 
commitments.

Write the incident process before the incident

For a wrong result, security concern or unexpected tool action, define who may disable the feature, 
how to isolate the affected workflow, how to preserve relevant logs lawfully, and when the customer 
must be told. A short incident runbook should name owners, severity levels, notification gates and 
rollback steps. Review near misses as well as visible incidents. A model should not silently change 
high-impact operational state while human staff remain unaware of the action.

Governance can be lightweight while still being real: one accountable product owner, a data access 
register, monthly risk review, tested backups and a change log. What matters is that the controls 
operate and can be evidenced, not that the company has a folder of grand policy statements.

Chapter output: data map, action-permission matrix and incident response card. Gate: no production use of 
sensitive data or irreversible agent actions without reviewed controls.

9. Run a Ninety-Day Company-Building Sprint

Sequence decisions so that evidence reduces risk

Days 1-15 should focus on one buyer group, ten documented problem interviews and a baseline 
workflow map. Days 16-30 build a bounded prototype with synthetic data and agree a pilot charter. 
Days 31-60 test real authorized workflows under explicit human review and record success, failure,  
delivery cost and buyer feedback. Days 61-90 improve repeatability, document support and security 
practices, and seek a second comparable customer before broadening. The sequence is a planning 
illustration, not a guarantee that customers or technical approval can be obtained within ninety 
days.

At every stage, ask a difficult question: what did we learn that makes us more willing to invest the 
next  dollar?  Count  revenue  collected  rather  than  proposals,  successful  tasks  rather  than  model 
requests,  independent  evidence  rather  than  investor  excitement,  and  customer  renewal  intent 
separately  from  demo  applause.  Use  a  short  weekly  founder  dashboard  with  qualified  buyers, 
completed pilots, reliability, contribution margin, unresolved risks and next decisions.
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Decide what not to build

An AI-first founder's advantage can come from the discipline to remain small. Delay multilingual 
support, a public marketplace, elaborate agent systems, bespoke model training and many sector 
variants until a narrow workflow earns repeated customer trust. A company may have access to 
impressive technical capability and still need only a simple product. Preserve the option to stop a 
weak idea quickly and redirect the team's energy to evidence-backed customer problems.

The objective is not to look AI-native to a visitor. It is to build a business that can deliver useful 
results tomorrow without the founder manually rescuing every job. The durable asset is a verified 
operating system combining product, evidence, economic discipline and trust.

Chapter output: a weekly ninety-day roadmap with defined validation, safety and unit-economic decision gates. 
Gate: scale only when evidence supports customer value, delivery reliability and sustainable economics.

Appendix A. AI Opportunity Scorecard
Score  each  criterion  against  documented  evidence,  not  founder  confidence.  Weighted  total:  100 
points.  Customer pain and willingness  to  pay 20;  workflow frequency and clarity 15;  validation 
evidence  15;  product  measurability  and  quality  15;  data  access  and  governance  feasibility  10; 
economics and support burden 10; distribution and renewal potential 10; team capacity 5. For each 
line  record:  score  awarded,  source,  source  date,  unresolved  question  and  owner.  A  score  is  a 
screening tool, never an automatic investment or product decision. A material legal barrier or fraud 
signal overrides any score.

Decision  labels:  Explore;  Pilot  under  controls;  Rework;  Stop.  Record  the  disconfirming  evidence 
required to change the decision, not only an optimistic next step.

Appendix B. Customer Pilot Charter
Customer segment:  [defined role and market].  Workflow: [one recurring task].  Current baseline: 
[time,  errors,  cost,  service quality].  Pilot  input:  [authorized,  minimized dataset].  Allowed output: 
[draft,  classification,  recommendation].  Prohibited  actions:  [payments,  account  changes,  legal 
decisions]. Success metric: [definition and threshold]. Sampling rule: [how quality will be checked]. 
Human  reviewer:  [role].  Incident  contact:  [role].  Data  deletion  and  retention:  [agreed  terms]. 
Commercial terms: [fee, timeframe, scope]. Go/no-go date: [date].

The customer and supplier should formally approve the final charter and a lawful data-processing 
arrangement where needed. This template is educational and is not itself a contract.

Appendix C. Experiment and Evidence Register
For each experiment, retain: ID; hypothesis; customer job; proposed change; input dataset; evidence 
permission; expected baseline; metric; severity of potential errors; test size; results by subgroup; 
direct cost; reviewer time; decision; owner; next review. Distinguish verified observations, customer 
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statements, management estimates and unknowns. Do not change the primary success metric after 
seeing results without recording the revision.

Example entry (fictional): EXP-07 | Extract invoice vendor and total | 80 synthetic documents | pass 
threshold 98% for routine fields and 100% human review for exceptions | decision: revise because 
exception-routing errors exceed policy tolerance. An apparent high average score does not overrule 
a safety threshold.

Appendix D. Illustrative Unit Economics Worksheet
Monthly revenue per customer: $2,400. Model and infrastructure: $240. Human review and direct 
support: $280. Allocated integration maintenance: $160. Monthly contribution = $2,400 - $240 - $280 - 
$160 = $1,720. Contribution margin = $1,720 / $2,400 = 71.7%, rounded. Acquisition and onboarding 
spend  =  $9,000.  Simple  acquisition  payback  on  contribution  =  $9,000  /  $1,720  =  5.23  months, 
conditional on stable contribution and retention. This excludes fixed overhead, taxes, financing costs 
and numerous possible implementation expenses. Recalculate using actual client-level data before 
making a business decision.

The references below support specific frameworks and compliance cautions. They do not establish 
the commercial viability of the book's fictional product or validate a particular vendor. Links were 
checked as accessible reference pages on 31 October 2026. Reconfirm any changing requirements 

[R1] Google for Developers, Rules of Machine Learning. 
https://developers.google.com/machine-learning/guides/rules-of-ml

[R2] National Institute of Standards and Technology (NIST), AI Risk Management Framework. 
https://www.nist.gov/itl/ai-risk-management-framework

[R3] NIST, AI RMF: Generative Artificial Intelligence Profile (AI 600-1). 
https://www.nist.gov/publications/artificial-intelligence-risk-management-framework-generative-artificial-
intelligence

[R4] UK Information Commissioner's Office (ICO), Data protection by design and by default, updated 5 
February 2026. https://ico.org.uk/for-organisations/uk-gdpr-guidance-and-resources/accountability-and-
governance/guide-to-accountability-and-governance/data-protection-by-design-and-by-default/

[R5] OWASP Gen AI Security Project, 2025 Top 10 for LLM Applications. https://genai.owasp.org/llm-top-10/

Appendix E. Sources and Further Verification

before use.
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